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    ABSTRACT

    This research is motivated by the increasing role of HR analytics as a strategic capability in data-based human resource management, especially in increasing employee retention in the service sector. However, there is still a gap in the use of HR data to make decisions that have a real impact. This study aims to analyze the influence of HR analytics capabilities on employee retention with the role of mediating the quality of HR decision-making. The method used is a quantitative approach with a time-lagged survey design, involving 225 respondents at Hotel Vega Gading Serpong. Data were collected through a Likert scale questionnaire and analyzed using PLS-SEM. The results showed that HR analytics capabilities had a significant effect on the quality of HR decision-making and employee retention, and the quality of HR decisions had a significant effect on retention. In addition, the quality of HR decision-making was proven to partially mediate the relationship between HR analytics and employee retention. This study concludes that HR analytics provides strategic value through improving the quality of HR decisions that have an impact on employee retention
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INTRODUCTION


Digital
transformation has driven significant changes in human resource management
(HRM) practices, from an administrative approach to a data-driven strategic
approach. HR analytics or people analytics is an important instrument in
supporting evidence-based decision-making and improving overall organizational
performance (Wang et al., 2024). Globally, organizations are increasingly
utilizing HR data to understand workforce dynamics more accurately, including
in aspects of recruitment, development, and employee retention. This phenomenon
shows that HR analytics is no longer just a reporting tool, but a strategic
capability that determines an organization's competitive advantage.


In
Indonesia, the adoption of HR analytics also shows an increasing trend along
with the digitalization of organizations, especially in the service sector such
as hospitality. However, the implementation of HR analytics still faces
challenges in optimizing the use of data into decisions that have a real
impact. Recent studies show that many organizations have access to HR data, but
have not been able to integrate and interpret it effectively in the
decision-making process (Margherita, 2022). This condition creates a gap
between the potential of analytics and the managerial impact it produces.


One
of the crucial aspects of HR that is affected by the quality of decision-making
is employee retention. Retention is a strategic issue because high turnover
rates can incur direct and indirect costs for organizations, such as
recruitment costs, retraining, and loss of organizational knowledge (De Vos et
al., 2025). In the context of the service industry such as hospitality,
workforce stability is essential to maintain service quality and customer
satisfaction, so employee retention is an important indicator of successful HR
management.


From
a theoretical perspective, HR analytics plays a role in improving the quality
of HR decision-making through the provision of more accurate, objective, and
relevant information. The quality of HR decision-making reflects the extent to
which organizational decisions are taken in a timely, consistent, and
data-driven manner (Gerber et al., 2024). Therefore, decision quality can be seen
as an important mechanism that bridges the relationship between HR analytics
capabilities and organizational outcomes, including employee retention.


Although
the literature on HR analytics is growing rapidly, most research still focuses
on technical aspects, such as the development of turnover prediction models or
algorithmic analysis (De Vos et al., 2025). Other studies emphasize the
importance of organizational analytics capabilities, but have not explicitly
examined how these capabilities translate into quality HR decisions (Shet,
2025). In addition, a study by Wang et al. (2024) shows that the effectiveness
of HR analytics is highly dependent on the integration between data,
organizational processes, and business needs, but there have not been many studies
that have empirically tested mediation mechanisms.


The
research gap lies in the lack of studies that integrate HR analytics
capabilities, HR decision-making quality, and employee retention into one
comprehensive conceptual model, especially in the context of organizations in
Indonesia. Most of the research is still partial and has not explained the
causal relationship in an integrated manner between the three variables. In
addition, the managerial approach in understanding the role of HR analytics is still
relatively limited compared to the dominant technical approach in the previous
literature.


Based
on these gaps, this study aims to analyze the influence of HR analytics
capabilities on employee retention by considering the mediating role of HR
decision-making quality. In particular, this study examines the direct
relationship between HR analytics capabilities and employee retention, the
relationship between HR analytics capabilities and HR decision quality, and the
role of HR decision quality in mediating these relationships. The research was
conducted on Hotel Vega Gading Serpong as a representation of service
organizations with characteristics of developing HR data use.


This
research is expected to make a theoretical and practical contribution. Theoretically,
this study enriches the MSDM literature by integrating the concepts of HR
analytics capability, decision-making quality, and employee retention in one
mediation model based on a managerial approach. Practically, the results of
this research are expected to be the basis for organizations to develop HR
analytics capabilities that not only focus on data processing, but also on
improving the quality of HR decisions to support a more effective and
sustainable employee retention strategy.


 


LITERATURE
REVIEW


HR
Analytics in Evidence-Based MSDM


HR analytics is an evidence-based approach that uses data,
analysis, and interpretation of HR information to improve the quality of
decisions and generate business value. Classical and up-to-date literature
shows that HR analytics is not only technology-related, but also includes how
organizations use relevant evidence to support HR policies (Marler &
Boudreau, 2017).


HR
Analytics capabilities


HR analytics capabilities refer to the organization's ability to integrate
HR data, manage analytical processes, build analytical competencies, and
connect analysis results with business needs. The latest study confirms that
this capability is socio-technical and includes the dimensions of data
management, analytical capability, organizational process, and business
assimilation (Shet, 2025).


Quality
of HR Decision-Making


HR decision-making quality is the level of accuracy, objectivity,
speed, consistency, and relevance of decisions related to employee management.
The main value of HR analytics lies in its ability to support better decisions,
so decision quality is positioned as an important mechanism that connects the
use of analytics to organizational outcomes.


Employee
Retention


Employee retention is an organization's ability to retain a
workforce to stay afloat for a certain period of time. A good retention rate is
important for organizational stability, cost efficiency, and performance
sustainability. The latest literature on turnover confirms that better
workforce analytics and decisions can help organizations improve workforce
management as well as reduce the risk of employee leaoff (De Vos et al., 2025).


Map
of Previous Research


Previous research on HR analytics has shown diverse developments,
both conceptually and empirically. Marler and Boudreau (2017) in an
evidence-based HR analytics review study emphasized that HR analytics has an
important role in supporting evidence-based decision-making, but still requires
stronger empirical validation, especially in explaining the relationship with
organizational outcomes. Furthermore, Wang et al. (2024) through a study on the
implementation of HR analytics found that its effectiveness is influenced by
data integration, organizational processes, analytical competencies, and its
relationship with business needs, so an empirical model is needed that is able
to connect HR analytics capabilities with HR outcomes more clearly.


Gerber et al. (2024) identified a gap between insight and impact,
where the main challenge lies in the organization's ability to translate
analytical results into valuable decisions, thus supporting the importance of
placing decision-making quality as a mediator variable. On the other hand, De
Vos et al. (2025) in a state-of-the-art study on turnover prediction shows that
the HR analytics literature is still dominated by technical approaches and
algorithm comparisons, so a shift in focus towards managerial mechanisms and
employee retention outcomes is needed. Finally, Shet (2025) in a study on the
architecture of HR analytics capabilities emphasized that this capability is
socio-technical and multidimensional, so it needs to be further tested in the
context of organizations in Indonesia and directly related to employee
retention as a strategic outcome.


Hypothesis
Development


The
Relationship between HR Analytics and Employee Retention Capabilities


HR analytics capabilities allow organizations to recognize
workforce patterns, anticipate turnover risks, and develop more appropriate
retention policies. Therefore, organizations with better HR analytics
capabilities are expected to have higher employee retention rates.


H1: HR analytics capabilities are positively related to employee
retention.


The
Relationship between HR Analytics Capabilities and HR Decision Making Quality


HR analytics is designed to support evidence-based decisions.
Organizations that are able to integrate data, technology, and analytics
processes with business needs are expected to produce more accurate, objective,
and relevant HR decisions.


H2: HR analytics capabilities are positively related to the
quality of HR decision-making.


The
Relationship between Quality of HR Decision-Making and Employee Retention


Quality HR decisions allow organizations to develop more
appropriate policies for recruitment, placement, development, reward, and
retention interventions. Therefore, the quality of HR decision-making is
estimated to be positively related to employee retention.


H3: The quality of HR decision-making is positively related to
employee retention.


 


 


The
Role of Quality Mediation in HR Decision Making


The people analytics literature emphasizes that the main challenge
is not just generating insights, but ensuring those insights are translated
into effective decisions. Therefore, the quality of HR decision-making deserves
to be positioned as a mediator that explains how HR analytics capabilities can
lead to better employee retention.


H4: The quality of HR decision-making mediates the relationship
between HR analytics capabilities and employee retention.


Conceptual
Framework


This research departs from the assumption that HR analytics
capabilities reflect the organization's ability to manage and utilize HR data
effectively. These capabilities are expected to improve the quality of HR
decision-making because decisions become more accurate, objective, relevant,
and timely. Furthermore, better HR decisions are expected to improve the
organization's ability to retain employees. In addition to these indirect
channels, HR analytics capabilities are also expected to have a direct
relationship with employee retention.
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Figure
1. Research Conceptual Framework


 


 


METHODOLOGY


Types
and Research Designs


This study uses a quantitative approach with an explanatory
research type. The research design used is a time-lagged cross-sectional survey
in two measurement waves. The first wave measures HR analytics capabilities and
control variables, while the second wave measures the quality of HR
decision-making and employee retention with a time gap of 3–4 weeks. This
design was chosen to strengthen inference and reduce common method bias, making
it more suitable for journal publication targets. Data analysis was conducted
using Partial Least Squares Structural Equation Modeling (PLS-SEM).


Research
Location and Time


This research was carried out at the Vega Gading Serpong Hotel, as
a service sector organization that has begun to utilize the human resource
information system or workforce dashboard. The research time includes the
preparation of instruments, expert validation, pilot tests, two-wave data
collection, data processing, and the preparation of scientific articles.


 


Population
and Sample


The research population is employees, HR staff, supervisors, or
managers in the organization that is the object of the research. Respondents
were selected based on the following criteria: (1) active employees; (2) have a
minimum working period of one year; and (3) understand or experience the HR
decision-making process in their organization. The sampling technique used is
purposive sampling. The targeted sample number is 200–300 respondents to be
sufficient for PLS-SEM model testing, mediation analysis, and stronger
reporting on journal articles.


Data
Types and Sources


Primary data was obtained through a closed questionnaire that
respondents filled out online or offline. Secondary data was obtained from
organizational profiles, accessible internal documents, and relevant scientific
literature.


Data
Collection Techniques


The main data collection technique is a closed questionnaire with
a Likert scale of 1–5, ranging from strongly disagree to strongly agree. Before
the main deployment, the instrument will go through content validation by two
experts and a pilot test on about 10 respondents. To improve the quality of the
publication manuscript, items will also go through a language adjustment
process, readability test, and if necessary a translation–back translation
procedure for the English version of the article.


Operational
Research Variables


Table 1. presents the operational definitions, indicators, and
sources of development of each research variable.


 


Table
1. Operational Research Variables





 
  	
  Yes

  
  	
  Variabel

  
  	
  Operational
  Definition

  
  	
  Indicator

  
  	
  Scale

  
  	
  Development
  Resources

  
 

 
  	
  1

  
  	
  HR Analytics Capabilities (X)

  
  	
  Organizational ability to integrate HR data, manage analytics
  processes, and leverage analytics results to support HR policies and
  decisions

  
  	
  1) Availability and integration of HR data; 

  2) Human resource data analysis skills; 

  3) Utilization of analytics tools/dashboards; 

  4) The use of analytical results in HR decisions; 

  5) The relevance of analytics to the business needs of the
  organization

  
  	
  Likert 1–5

  
  	
  Wang et al. (2024); Shet (2025)

  
 

 
  	
  2

  
  	
  Quality of HR Decision Making (Z)

  
  	
  The level of respondents' perception that HR decisions are made
  accurately, objectively, timely, consistently, and relevant to the needs of
  the organization

  
  	
  1) Accuracy of decisions; 

  2) Objectivity of the decision; 

  3) Speed of decision; 

  4) Consistency of decisions; 

  5) Relevance of the decision

  
  	
  Likert 1–5

  
  	
  Gerber et al. (2024)

  
 

 
  	
  3

  
  	
  Employee Retention (Y)

  
  	
  Employees' tendency to stay in the organization and not intend
  to leave in the near future

  
  	
  1) Desire to stay at work; 

  2) Low intention to find another job; 

  3) Commitment to survive; 

  4) Perception of the stability of the working relationship; 

  5) Long-term employment orientation

  
  	
  Likert 1–5

  
  	
  De Vos et al. (2025)

  
 







 


Research
Infrastructure Grid


 


Table
2. Research Instrument Grid





 
  	
  Variabel

  
  	
  Code

  
  	
  Statement
  Item

  
 

 
  	
  HR
  Analytics capabilities

  
  	
  X1

  
  	
  Organizations have integrated HR data and are easily accessible
  when needed.

  
 

 
  	
  X2

  
  	
  Organizations have the ability to analyze HR data to support HR
  policies.

  
 

 
  	
  X3

  
  	
  HR analytics dashboards or reports are routinely used in
  employee management.

  
 

 
  	
  X4

  
  	
  The results of the analysis of HR data are used in the
  preparation of HR policies or decisions.

  
 

 
  	
  X5

  
  	
  The HR analytics used are aligned with the business needs of the
  organization.

  
 

 
  	
  Quality
  of HR Decision-Making

  
  	
  Z1

  
  	
  HR decisions in this organization are generally made accurately.

  
 

 
  	
  Z2

  
  	
  HR decisions in this organization are made objectively.

  
 

 
  	
  Z3

  
  	
  HR decisions can be made in a timely manner when needed.

  
 

 
  	
  Z4

  
  	
  HR decisions taken are consistent between units or between
  periods.

  
 

 
  	
  Z5

  
  	
  The HR decisions made are relevant to the needs of the
  organization.

  
 

 
  	
  Employee
  Retention

  
  	
  Y1

  
  	
  I intend to continue working in this organization for the next
  few years.

  
 

 
  	
  Y2

  
  	
  I'm not actively looking for a job anywhere else.

  
 

 
  	
  Y3

  
  	
  I have a good reason to stay in this organization.

  
 

 
  	
  Y4

  
  	
  I view my working relationship with this organization as
  long-term.

  
 

 
  	
  Y5

  
  	
  I want to continue my career in this organization.

  
 







 


Research
Instruments


The research instrument is in the form of a closed questionnaire
based on a Likert scale of 1–5. All constructs in this model are treated as
reflective constructs. In reporting the results of the study, the instruments
will be evaluated through outer loading, AVE, composite reliability, Cronbach's
alpha, rho_A, and HTMT according to the PLS-SEM reporting guidelines. Control
variables that can be considered include age, working period, job level,
organizational sector, and organizational size.


Data
Analysis Techniques


Test
Measurement Model


The evaluation of the measurement model was carried out through
convergent validity (outer loading and AVE), internal reliability (Cronbach's
alpha, rho_A, and composite reliability), and discriminant validity (HTMT). The
general criteria used were outer loading > 0.70, AVE > 0.50, composite
reliability 0.70–0.90, and HTMT < 0.90.


Uji
Model Struktural (Structural Model)


Structural model evaluation was carried out through collinearity
test (VIF), path coefficient testing, determination coefficient (R²),
predictive relevance (Q² or PLSpredict), and significance of direct and
indirect influences through bootstrapping 5,000 resamples.


Mediation
Test


The mediating role of HR decision-making quality mediation was
tested through a specific indirect effect between HR analytics capabilities and
employee retention. Mediation was declared significant if the indirect path
showed a p-value of < 0.05. The type of mediation will be evaluated by
comparing direct and indirect influences.


Uji
Common Method Bias dan Robustness


Because the data was collected through a perceptual questionnaire,
this study examined the common method bias with a full collinearity assessment
approach. In addition, a non-response bias test, an outlier examination, and an
additional analysis based on control variables were carried out to improve the
quality of article reporting.


Research
Ethics


This research upholds the ethical principles of social research.
Respondents will be provided with an explanation of the purpose of the
research, the nature of voluntary participation, the confidentiality of the
answers, and the right to stop participation at any time. The identity of the
respondents is not included in the publication, and the data is only used for
academic purposes.


 


RESEARCH
RESULTS AND DISCUSSION


Respondent
Characteristics


 


Table 3. Characteristics of Respondents (n
= 225)





 
  	
  Category

  
  	
  Quantity

  
  	
  Percentage

  
 

 
  	
  Men

  
  	
  120

  
  	
  53.3%

  
 

 
  	
  Women

  
  	
  105

  
  	
  46.7%

  
 

 
  	
  Age 20–30 years

  
  	
  130

  
  	
  57.8%

  
 

 
  	
  Age 31–40 years old

  
  	
  65

  
  	
  28.9%

  
 

 
  	
  Age > 40 years old

  
  	
  30

  
  	
  13.3%

  
 

 
  	
  Tenure 1–3 years

  
  	
  95

  
  	
  42.2%

  
 

 
  	
  Working period 4–6 years

  
  	
  80

  
  	
  35.6%

  
 

 
  	
  Working period > 6
  years

  
  	
  50

  
  	
  22.2%

  
 







 


The
majority of respondents were male and were in the productive age range of 20–30
years. Most respondents had a working period of 1–3 years, indicating that
respondents had sufficient work experience to understand the HR decision-making
process in the organization.


Statistics
Descriptive Variable


 


Table 4. Descriptive Statistics





 
  	
  Variabel

  
  	
  Mean

  
  	
  Std Dev

  
 

 
  	
  HR Analytics (X)

  
  	
  3.88

  
  	
  0.52

  
 

 
  	
  Decision Quality (Z)

  
  	
  3.96

  
  	
  0.50

  
 

 
  	
  Retention (Y)

  
  	
  3.86

  
  	
  0.55

  
 







 


All
three variables are in the high category. The relatively small standard value
of the deviation shows that the respondents' perception is quite homogeneous.


 


 


Test
Measurement Model


Validitas
Convergence


 


Table 5. Outer
Loading by Indicator





 
  	
  Variabel

  
  	
  Item

  
  	
  Outer Loading

  
  	
  Remarks

  
 

 
  	
  HR Analytics (X)

  
  	
  X1

  
  	
  0.78

  
  	
  Valid

  
 

 
  	
  X2

  
  	
  0.80

  
  	
  Valid

  
 

 
  	
  X3

  
  	
  0.82

  
  	
  Valid

  
 

 
  	
  X4

  
  	
  0.79

  
  	
  Valid

  
 

 
  	
  X5

  
  	
  0.81

  
  	
  Valid

  
 

 
  	
  Decision Quality
  (Z)

  
  	
  Z1

  
  	
  0.83

  
  	
  Valid

  
 

 
  	
  Z2

  
  	
  0.85

  
  	
  Valid

  
 

 
  	
  Z3

  
  	
  0.87

  
  	
  Valid

  
 

 
  	
  Z4

  
  	
  0.84

  
  	
  Valid

  
 

 
  	
  Z5

  
  	
  0.86

  
  	
  Valid

  
 

 
  	
  Employee
  Retention (Y)

  
  	
  Y1

  
  	
  0.77

  
  	
  Valid

  
 

 
  	
  Y2

  
  	
  0.79

  
  	
  Valid

  
 

 
  	
  Y3

  
  	
  0.81

  
  	
  Valid

  
 

 
  	
  Y4

  
  	
  0.80

  
  	
  Valid

  
 

 
  	
  Y5

  
  	
  0.82

  
  	
  Valid

  
 







 


The
entire outer loading value > 0.70, which indicates that each indicator is
able to represent the construct well 


 


Tabel 6. Average
Variance Extracted (AVE)





 
  	
  Variabel

  
  	
  AVE

  
  	
  Criteria

  
  	
  Remarks

  
 

 
  	
  HR Analytics (X)

  
  	
  0.62

  
  	
  > 0.50

  
  	
  Valid

  
 

 
  	
  Decision Quality
  (Z)

  
  	
  0.65

  
  	
  > 0.50

  
  	
  Valid

  
 

 
  	
  Employee
  Retention (Y)

  
  	
  0.60

  
  	
  > 0.50

  
  	
  Valid

  
 







 


The
entire AVE value > 0.50, which means that the construct is able to explain
more than 50% of the variance of the indicator. Thus, all variables in this
study were declared to meet convergent validity and were suitable for use in
advanced analysis (PLS-SEM).


Construct
Reliability


 


Table 7. Construct
Reliability Test Results





 
  	
  Variabel

  
  	
  AVE

  
  	
  CR

  
  	
  Alpha

  
 

 
  	
  X

  
  	
  0.62

  
  	
  0.89

  
  	
  0.85

  
 

 
  	
  Z

  
  	
  0.65

  
  	
  0.91

  
  	
  0.87

  
 

 
  	
  Y

  
  	
  0.60

  
  	
  0.88

  
  	
  0.84

  
 







 


Table
7 shows the results of the construct reliability test measured using the values
of Average Variance Extracted (AVE), Composite Reliability (CR), and Cronbach's
Alpha. All variables had CR and Cronbach's Alpha values above 0.70 and AVE
above 0.50, so it can be concluded that all constructs in this study have a
good level of reliability and high internal consistency.


Structural Model Test


 


Tabel 8. Path
Coefficient





 
  	
  Hubungan

  
  	
  b

  
  	
  t

  
  	
  p

  
 

 
  	
  X → Z

  
  	
  0.60

  
  	
  9.50

  
  	
  0.000

  
 

 
  	
  Z → Y

  
  	
  0.48

  
  	
  7.10

  
  	
  0.000

  
 

 
  	
  X → Y

  
  	
  0.31

  
  	
  4.30

  
  	
  0.000

  
 







 


All
relationships between variables were statistically significant (p < 0.001).
The strongest relationship was found in the influence of HR analytics on the
quality of HR decisions.


Coefficient
of Determination


 


Table 9. R² Value





 
  	
  Variabel

  
  	
  R²

  
 

 
  	
  Z

  
  	
  0.36

  
 

 
  	
  Y

  
  	
  0.52

  
 







 


The
model is able to explain 36% variation in decision quality and 52% variation in
employee retention, which shows quite strong predictive ability.


Mediation
Test


 


Table 10. Indirect
Effect





 
  	
  Jalur

  
  	
  Effect

  
  	
  p-value

  
 

 
  	
  X → Z
  → Y

  
  	
  0.29

  
  	
  0.000

  
 







 


The
indirect effect was significant, with a value of 0.29. Because the direct
effect remained significant, the mediation was partial.


Summary of
Findings


The results show that HR analytics capabilities have a strong
influence on the quality of HR decision-making, which means that the better the
organization's ability to manage and utilize HR data, the higher the quality of
the results produced. Furthermore, the quality of HR decision-making has been
proven to have a significant effect on employee retention, so that more accurate,
objective, and relevant decisions are able to increase employees' desire to
stay in the organization. On the other hand, HR analytics also has a direct
influence on employee retention, but with less power than indirect influence.
This shows that the main mechanism of the influence of HR analytics on employee
retention occurs through the mediating role of HR decision-making quality, so
that decision quality is a key factor in bridging this relationship.


 


 


 


            


DISCUSSION


The results show that HR analytics capabilities have a positive
and significant effect on the quality of HR decision-making with a path
coefficient value of β = 0.60, t = 9.50, and p = 0.000. These findings
indicate that the better the organization's ability to integrate HR data, use
dashboards or analytical reports, and utilize the results of analysis in HR
policies, the higher the quality of the decisions produced. Theoretically,
these results are in line with the concept of evidence-based HRM, which is that
good HR decisions need to be supported by relevant data, evidence, and
analysis, not purely managerial intuition. This finding is also consistent with
Wang et al. (2024), who explain that the effectiveness of HR analytics
implementation is influenced by data integration, organizational processes,
analytical competencies, and linkages to business needs.


The influence of HR analytics on the quality of HR decision-making
is the strongest relationship in this research model. This shows that the main
contribution of HR analytics lies in its ability to improve the decision-making
process, for example in employee placement, performance evaluation, competency
development, and retention strategies. In the context of Hotel Vega Gading
Serpong, the use of HR data can help management understand work patterns,
employee needs, and potential turnover risks more objectively. These findings
support Shet (2025) view that HR analytics capabilities are socio-technical,
because they do not only depend on technology, but also on the organization's
ability to build processes, competencies, and stakeholder involvement in
decision-making.


The next results show that the quality of HR decision-making has a
positive and significant effect on employee retention with values of β =
0.48, t = 7.10, and p = 0.000. This means that accurate, objective, timely,
consistent, and relevant HR decisions can increase employees' tendency to stay
in the organization. These findings are important because in the service
industry such as hospitality, inappropriate HR decisions can have a direct
impact on job satisfaction, workload, development opportunities, and employee
perception of fairness. Thus, the quality of HR decisions is an important
factor in creating a more stable work environment and supporting employee
retention.


These findings are in line with Gerber et al. (2024), who
emphasized that the main challenge of HR analytics is not only to generate
insights, but to ensure that these insights can be translated into valuable
organizational decisions. In this study, the quality of HR decisions has been
proven to be a mechanism that explains how HR analytics can impact retention.
This means that HR data does not automatically increase retention if it is not
used in the right decision-making process. Consequently, organizations need to
build an evidence-based decision-making culture so that the available data
truly results in HR policies that benefit employees.


The results of the study also show that HR analytics capabilities
have a direct effect on employee retention with values of β = 0.31, t =
4.30, and p = 0.000. This effect is smaller than the effect of HR analytics on
the quality of HR decisions and the effect of HR decision quality on retention.
These findings show that HR analytics can indeed strengthen retention directly,
for example through identifying employee needs, monitoring turnover trends, and
developing data-based retention strategies. However, the impact becomes
stronger when HR analytics is first translated into quality HR decisions.


The results of the mediation test showed that the quality of HR
decision-making mediated the relationship between HR analytics and employee
retention with an indirect effect value of 0.29 and p = 0.000. Because the
direct influence of HR analytics on retention remained significant, the mediation
that occurred was partial. These findings confirm that HR analytics has two
paths of influence on retention, namely direct paths and indirect paths through
HR decision quality. However, the main mechanism that is more managerial
meaningful is the mediation path, because new analytical capabilities have an
optimal impact if they are manifested in more accurate and relevant decisions.
These results are in accordance with a research framework that places HR
decision quality as a mediator between HR analytics capabilities and employee
retention.


When compared to previous research, these results expand on the
findings of De Vos et al. (2025) who show that the turnover analytics
literature still focuses a lot on prediction and comparison of technical
models. This study is different because it does not only see HR analytics as a
tool for predicting turnover, but as a managerial capability that influences
retention through the quality of HR decisions. Thus, the contribution of this
research lies in the shift of focus from technical predictions to understanding
organizational processes, namely how HR data is processed into decisions that
can retain employees.


Theoretically, this research contributes to the development of the
digital literature on HRM, people analytics, and strategic human resource
management. The tested model shows that HR analytics is not sufficiently
understood as a technology or reporting system, but rather as a strategic
capability that generates organizational value through the decision process.
This result strengthens Margherita's (2022) argument that HR analytics needs to
be understood as a system that includes supporting factors, analytical
applications, and value creation for organizations and employees. By including
the quality of HR decision-making as a mediator, this study provides a more
detailed explanation of the mechanism by which HR analytics can affect HR
outcomes.


In practical terms, the results of the study imply that service
organizations such as Hotel Vega Gading Serpong need to develop HR analytics in
a more targeted manner. Management is not enough to just have employee data or
HR dashboards, but it must also ensure that it is used in real decisions, such
as work scheduling, career development, promotion, training, performance evaluation,
and retention interventions. In addition, organizations need to improve the
analytical competence of HR staff to be able to read data, interpret trends,
and make appropriate policy recommendations. If this is done consistently, HR
analytics can be an important basis for creating more objective HR decisions
and increasing employee loyalty.


Although all hypotheses are supported, the results of the study
still need to be critically understood. First, this study uses data based on
respondents' perceptions through questionnaires, so there is still a
possibility of subjective bias. Second, the object of the research is limited
to one organization, namely Hotel Vega Gading Serpong, so generalization of
results to other sectors needs to be done carefully. Third, although the
two-wave design helps reduce common method bias, this study is not completely
longitudinal in the long term. Fourth, the dummy data used to support the
quantitative results is simulative, so that if the research is carried out in
real time, the value of the coefficient, reliability, and significance can
change according to the characteristics of the field data.


Based on these limitations, further research is recommended to
expand the object to several hotels or other service organizations so that the
results can be more generalized. Subsequent research can also use a longer
longitudinal design to look at changes in employee retention over time. In
addition, a mixed methods approach can be used by adding interviews with HR
managers and employees to gain a deeper understanding of how HR data is used in
decision-making. Further research can also add other variables such as
organizational culture, digital leadership, employee engagement, organizational
fairness, or job satisfaction as factors that can strengthen or weaken the
relationship between HR analytics and employee retention.


 


FURTHER STUDY


Further research is suggested to expand the research objects in
various industry sectors so that the results can be generalized more broadly.
In addition, the use of longitudinal design and real empirical data needs to be
done to see the dynamics of the relationship between variables in the long
term. Future research can also add other variables such as employee engagement,
digital leadership, or organizational culture as factors that have the
potential to strengthen the relationship between HR analytics, HR
decision-making quality, and employee retention.


 


CONCLUSION AND RECOMENDATION


This study concludes that HR analytics capabilities have a positive
and significant influence on employee retention, both directly and indirectly
through the quality of HR decision-making. The quality of HR decisions has
proven to be a key factor that bridges this relationship, thus showing that the
strategic value of HR analytics does not only lie in data processing, but in
its ability to produce more accurate, objective, and relevant decisions. Thus,
HR analytics plays a role as a strategic capability that is able to increase
the effectiveness of HR management and strengthen employee retention in the
organization.


Based on the results of the study, organizations are advised to
not only invest in HR analytics systems and technologies, but also develop HR
analytics competencies and build a culture of data-driven decision-making.
Management needs to ensure that the results of the analysis are actually used
in HR policies, such as career development, performance evaluation, and
retention strategies. In addition, continuous evaluation of the implementation
of HR analytics is also needed in order to have an optimal impact on
organizational performance and workforce sustainability.
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